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I N TRO D U CTIO N RE S U LT S Figure 3: Unsupervised clustering using the latent MOFA factors identified four distinct clusters
characterized by specific gene expression profiling, mutation profiling and tumor-microenvironment.
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progression, and Factor 8 is associated with undifferentiated AML and 5-Azacytidine response.
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Our comprehensive multi-omics MOFA framework identified four clinically distinct AML subtypes with distinct therapeutic vulnerabilities, immune
microenvironment characteristics, and mutational profile. Our approach demonstrates the potential of multi-omics integration for advancing personalized
Drug Response medicine in AML and provides a framework that will benefit from validation with larger cohorts to improve risk stratification and personalized treatment

strategies.
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